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Data mining system of loess mechanics

JING Yan-lin'?, WU Yan-ging'
(1. Xi'an University of Technology, Xi'an 710048, China; 2. Xi’an Design & Research Institute of Coal Industry, Xi'an 710054, China; 3.
Shanghai Jiaotong University, Shanghai 200240, China)

Abstract: The intelligent system of geotechnical engineering is an important research interest in geotechnical engineering field.
A data mining system of loess mechanics was developed based on advanced data mining system in information technology. The
data mining system of loess mechanics included the preprocessing module, mining operation module, knowledge base
management module, and software interface of geotechnical application. The system could be applied to data reduction, cluster,
classification, and prediction for loess mechanics. Through a lot of engineering applications, the results indicated that the
system was effect and practical for loess collapse. Through the assessment of each rule in decision trees model by using 2766
groups of loess testing data in 59 projects, the results show that the precision discriminating self weight collapse loess is about
87.3%, and the precision discriminating collapse loess is about 92.5%.

Key words: loess mechanics; data mining system; decision trees model
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Table 1 The eigenvectors of physical and mechanical indicators of

loess given by principal component analysis
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Table 2 Discrimination rules and validation results
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